Share of Tank

Building Customer Loyalty in Retail Petroleum

SHARE OF TANK
Building Customer Loyalty in Retail Petroleum
About Koç Group and Tani
The Koç Group (Koç) comprised of 114 consolidated companies, is the
largest conglomerate in Turkey and the only Turkish company listed in the
Fortune Global 500. With over 93,000 employees, Koç’s combined revenues are $39.5 billion. Koç established Tani in 2002 to provide CRM
services to other Koç companies as well as to non-Koç companies.

Intense competition, razor thin margins and a high
level of price sensitivity make retail marketing one of
the most challenging parts of the downstream oil
value chain. Instilling customer loyalty, while retaining a profitable business, is a formidable challenge,
especially when consumers are 9 times more sensitive to price than to the brand. For this reason,
loyalty programs have had the greatest impact on
consumer behavior over the last decade, according
to the 2013 research ‘Price, Deals, and Discounts:
Consumer Expectations at the Pump’.
While loyalty programs have been effective in
mass retention, without use of proper analytics and
targeting, the return on investment in a low-margin
industry is limited at best. Marketers need to leverage these programs to identify and understand
customers to achieve multitudes of returns. Providing the same level of benefits to a customer who
drives 10 miles/month and has only one station on
his way home as another doing 50 miles/day with
several options along the way is contrary to the basic
principles of modern day marketing.

71 percent of consumers say price is the most
important factor in buying gas, 9 times higher
than consumers buying for brand.
Using customer insights gained through loyalty
programs, the petroleum industry has to follow two
main strategies to balance profits vs. loyalty:
1. Decrease price sensitivity - which requires
becoming more relevant to the consumer, understanding their needs and preferences. Emphasizing
that you offer better engine performance to a 80
year old who uses his car for daily errands or that it
can decrease consumption to a 25 year old yuppie
with a Ferrari are the brainchilds of mass marketing.
2. Selectively offer benefits to customers, who are
more profitable and are more likely to turn to the
competition if they don’t get the right deals.
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Petroleum Customer Lifecycle Management

Car
Purchase
Become the first
gas provider for
the new car

Become the
only provider for
the customer

Provider
Loyalty

Establish long
term loyalty for
future needs

Car
Sales

Maximize profits
through
cross/up-sales

Proactively
retain at risk
customers

Win-back lost
high value
customers

In 2013, Tani collaborated with Opet (distinguished
as “the Company with the Highest Customer Satisfaction” for 8 consecutive years in the Turkish fuel-oil
industry) towards these two goals. The goal was to
maximize customer loyalty and value throughout
the lifecycle, leveraging such level of satisfaction in
one-to-one relations. As a long-time member of Paro
loyalty program, Opet did not lack the tools or the
data required for the task. Over a million Opet
customers use their Paro card, providing the means
to track them throughout their life-time with Opet.
Tani’s first step was to establish the analytical
groundwork for understanding:
1. The value and purchase behavior of each
customer, which is used to identify where they stand
within their customer lifecycle and how they could
be migrated to more profitable segments.
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2. The churn risk of each customer, which is used
to proactively increase loyalty to Opet and avoid
switching to other providers.
The work involved analysis of behavioral trends
and patterns of every single customer, understanding what drives customer value and loyalty at different stages of their lifecycle. Once these analytical
tools were established, Tani defined targeted strategies and campaigns for:
- Becoming the only provider for customers
- Maximizing spend through cross/up-sales
- Proactively retaining at risk customers
- Winning back lost high value customers
Around 30 targeted campaigns were tested, which
were proven to generate millions in revenues each
year.

Customer Value in Retail Petroleum
Customer Value Definition: The evaluation of
customer value started with a formal definition of
what constitutes customer value - e.g. is it the total
revenue generated from a customer, is a customer
who has been spending with Opet for 10 years more
valuable than a new customer? After several workshops and analysis of alternative definitions of value,
Tani defined 2 main aspects:
1. Financial Value: Direct contribution of each
customer to Opet’s bottom-line, based on spend
history (monetary value).
2. Relationship Value: Level of each customer’s
involvement with Opet, based on visit history (recency and frequency).
6 key parameters are used in defining these two
aspects, which are calculated and analyzed for each
customer (See Figure 1).
Figure 1. Customer Value Parameters

Value Based Segmentation: The six components
of customer value were then used in grouping
customers into 6 value segments using various data
mining algorithms - such as K-Means and Kohonen
Networks. Final value segments identifed did not
only differentiate customers based on their value,
but also provided valuable insights into the behavioral characteristics of each customer (See Figure 2).
Summary characteristics of these 6 segments are:
1. Stars: With over 4 times monthly spend than
the average active customer, these customers are
both loyal and high mileage drivers. In terms of both
financial and relationship value they are at the top.
2. Blinkers: These customers have the highest
spend per visit, but the visits are relatively irregular,
preferring to fill up the tank if they visit and possibly
using other providers in between.
Figure 2. Customer Value Segments
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3. Old Friends: Although relatively lower value per
month, these customers have been purchasing from
Opet for years and are likely to be spending less
since they do less mileage, rather than using competitor brands. While financial value is low in this
segment, the relationship value is relatively high.
4. Come and Go: With the least frequency of
monthly visits within the active portfolio, these
customers frequently have months without any visits
and are more likely to be using competitors, hence
have higher churn risk.
5. Gone-Bys: With no visits in last 3/6 months,
these customers are targeted for win-back and
reactivation campaigns.
6. Newbies: As customers within their first couple
of months require different type of relational investment and have relatively more volatile behavior,
they are isolated and treated as a separate segment.

Segment Profiling: Once the segments were
identified, Tani analyzed the demographics and
behavioral profiles of each segment, revealing
actionable insights into each one.
With wide range of participating partners from
most retail industries to the Paro loyalty program,
profiling analysis also revealed deeper insights into
lifestyles and other brand preferences.
Migration Analysis: In order to understand
customer transitions between different lifecycle
stages, migration of segments between each other is
also analyzed. As a result, tendency of each segment
to become more/less valuable as well as inactive are
discovered, which were key in defining proactive
migration strategies and targeting niche groups of
customers that have significantly higher risk or
potential in terms of value (See Figure 3).

Figure 3. Segment Migration Sample
Likelihood of new customers migrating to each value segment.
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Customer Loyalty in Retail Petroleum
Churn Definition: : The first step in analyzing
customer churn was to define what is considered
“churn.” Was a motorist who had not purchased fuel
for a month lost or had he simply not needed to
refuel yet? The answer was discovered through
analysis of behavioral data, selecting a timeline that
ensured that the customer was not likely to come
back himself, decreasing the risk of cannibalization,
and yet not too late to try to win him back (See
Figure 4).
Churn Understanding: To develop a sound and
sustainable churn prediction model, Tani began by
understanding the indicators and drivers of churn.
Insights were gained through a series of business
workshops as well as preliminary analyses of behaviors of former churners (See Figure 5 and Figure 6).
The learnings not only provided valuable inputs to
the modeling phase, but also facilitated better
understanding of customer loyalty.

For example, it was discovered that customers who
did not use Opet stations during weekdays - hence
more likely to have other brands between their work
and home - had a signicantly higher risk of churning.
In addition to behavioral analyses of former churners, the impact of different marketing elements on
churn were also studied - i.e., product, promotion
and place. Findings ranged from the identification of
impact of campaigns on loyalty to low performing
stations that can double the churn rates alone. For
these analyses, data marts with hundreds of
columns, painting a 360-degree view of each
customer were prepared. Then, by the help of statistical tests, the impact of certain variables on customer loyalty were analyzed. Variables with significant
impact were used in following the steps of the study
(See Figure 7).

Figure 4. Analysis for Churn Definition
Likelihood of customers coming back on their own is analyzed for churn definition.
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Figure 5. Analysis for Churn Drivers and Indicators
Hundreds of demographics and behavioral factors’ impact on churn are analyzed.
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Figure 6. Analysis for Churn Drivers and Indicators
Hundreds of demographics and behavioral factors’ impact on churn are analyzed.
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Figure 7 . Variable Importance
With statistical tests, important variables used in churn model were identified (2 Months Inactivity)
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Similarly the important factors are analyzed for a different inactivity level (Last Month Inactivity)
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Churn Prediction: Seeking to translate churn
understanding into proactive retention, Tani
followed preliminary analysis with thorough predictive modeling. Using various data mining algorithms
- ranging from decision trees, regression models to
more advanced techniques such as neural networks
- reliable and effective models were built. With these
models, Opet can now predict the likelihood of any
customer not returning each month.
Prior to predictive modeling, the team analyzed
the impact of seasonality on customer churn behavior. Did customers display the same behavior before
churning in summer, when longer distance travel
was frequent - and winter, when proximity played a
more important role due to bad weather conditions?

This analysis proved to be the team hypothesis,
showing the significant impact of seasonality on
behavior, which resulted in the development of
twomodels, one for summer months and another for
winter months. After model development, the
impact of this approach was eminent; prediction
accuracy had improved signicantly. One of the other
key hypotheses was that behavior of churners in
different behavior segments would be significantly
different. Again, the findings supported this hypotheses, resulting in development of separate models
for different customer segments, improving prediction performance (See Figure 8).
Final models have proven their worth, providing
ability to address almost half the churners by focusing on only 1/5th of the customer base, saving
valuable time and resources in retention efforts.
These models are now in practice, predicting risk of
each customer at the end of every month.

Figure 8. Churn Prediction Modeling Cycle
Tens of alternative models are developed for maximum performance and sustainability of models.
Analysis of churn
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customer segments.
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Proactive Petroleum Customer Retention and Value Management
With customer value segments and churn prediction models, all the necessary tools for an effective
customer lifecycle management practice were in
place for Opet. As the next step, Tani identified
opportunities for targeted marketing in 4 categories,
utilizing all the insights gained in the BI planning
process (See Figure 9).

4. Win-back: Passive customers, who migrated
from other segments in the previous month were
targeted, as well as longer term passive customers.
The two target groups received different offers.

1. Churn Prevention: 8 campaigns are rolled out,
targeting customers with highest probability of
churn, reaching tens of thousands via SMS.

200,000 customers through SMS, while ensuring
customer privacy and respecting contact preferences.

2. Increasing Financial Value: For the 6 campaigns in this category, the low risk customers who
were either in the Old Friends segment or had
recently migrated to Come and Go from Blinkers.

In terms of performance, most of the campaigns
were extremely successful, reaching response rates
as high as 33% in some segments and revenue
returns of up to 6700% revenue returns.

3. Increasing Relationship Value: Blinkers with
low churn probability as well as migrators to Come
and Go segment are targeted to increase visits.
Figure 9. Targeted Campaign Scenario

Dozens of different below-the-line campaigns
were defined and tested, reaching approximately

All the models and successful campaigns are now
automated, and new campaigns are continuously
designed and tested for sustainable performance.
Figure 10. Return on Campaigns
Return on 1 USD investment

Current customer segment
is ‘Old Friends’...

67x
60x
53x

and the customer did not
migrate recently,
33x

but has over 75% likelihood
of churning this month

Retention Campaign #7:
5 USD bonus for 50 USD extra spend
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OPET İLE MÜŞTERİYİ 360
DERECE TANIMAK
AMAÇ / HEDEF
Opet’le birlikte 2004 yılından itibaren düzenli olarak CRM kampanyalarıyla iletişim kurdukları tüm müşterileri,
müşteri yaşam döngülerine göre yeniden değerlendirildi ve yaşam döngülerinin her aşamasında doğru iletişim ve
fayda ile müşteri bağlılığını arttırmak hedeflendi.

AKSİYON
Müşteriyle yaşam döngüsünün her aşamasında doğru iletişimin kurulmasını ve ona düzenli, otomatize, kendi
mevcut ve potansiyel değerine dayandırılmış faydalar sunulmasını sağlayarak müşteri bağlılığını arttıracak bir
sadakat programı geliştirilmiştir. Her 2 ayda bir Opet müşterilerinin alışverişleri analiz edilerek sadakat ve değer
düzeyleri belirlenmekte ve bu doğrultuda tüm müşteriler 4 farklı değer segmentine atanmaktadır. Bunun yanı sıra
farklı modelleme teknikleriyle her bir müşteri için harcama potansiyelleri ve kaybedilme olasılıkları
hesaplanmaktadır.
Her analiz döneminde müşterilerin önceki dönem değeri, mevcut değeri, harcama potansiyeli ve kaybedilme
olasılığı dikkate alınarak farklı müşteri gruplarına yönelik 25-30 arasında farklı kurguda kampanya çıkılmaktadır.
Bu kampanyalarla müşterilere 4 farklı stratejiyle odaklanılmaktadır.
Müşteri sadakatini arttırma/sürdürme
Mevcut müşterilerin harcamalarını arttırma
Müşteri kaybını engelleme
Kaybedilen müşterileri geri kazanma

SONUÇ
Sonuç olarak müşteri grupları bazında farklılaşan kampanya faydaları ve metin içerikleri oluşturularak müşteriler
ile kazan kazan ilişkisinin kurulması ve müşteri bağlılığının arttırılması hedeflenmektedir. Söz konusu çalışma
kapsamında her 2 ayda bir yaklaşık 200 bin kişiye yönelik aksiyon alınmaktadır. Kampanyalarda her dönem
yaklaşık %10-15 oranında geri dönüş sağlanmakta, pasif müşterilerin yaklaşık %8’i geri kazanılmakta ve yapılan
bu çalışma sayesinde verilen faydanın 496 katı ilave ciro sağlanmaktadır. Uygulama 2013 Doğrudan Pazarlama
Ödüllerinde Sadakat Uygulamaları Kategorisinde ikincilik ödülü almıştır.

